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ABSTRACT
◥

Purpose:We evaluated mRNA signatures to predict response to
neoadjuvant PD-L1 inhibition in combination with chemotherapy
in early triple-negative breast cancer.

Experimental Design: Targeted mRNA sequencing of 2,559
transcripts was performed in formalin-fixed, paraffin-embedded
samples from 162 patients of the GeparNuevo trial. We focused on
validation of four predefined gene signatures and differential gene
expression analyses for new predictive markers.

Results: Two signatures [GeparSixto signature (G6-Sig) and IFN
signature (IFN-Sig)] were predictive for treatment response in a
multivariate model including treatment arm [G6-Sig: OR, 1.558;
95% confidence interval (CI), 1.130–2.182; P ¼ 0.008 and IFN-Sig:
OR, 1.695; 95% CI, 1.234–2.376; P ¼ 0.002), while the CYT metric
predicted pathologic complete response (pCR) in the durvalumab

arm, and the proliferation-associated gene signature in the placebo
arm. Expression of PD-L1 mRNA was associated with better
response in both arms, indicating that increased levels of PD-L1
are a general predictor of neoadjuvant therapy response. In an
exploratory analysis, we identified seven genes that were higher
expressed in responders in the durvalumab arm, but not the placebo
arm: HLA-A, HLA-B, TAP1, GBP1, CXCL10, STAT1, and CD38.
These genes were associated with cellular antigen processing and
presentation and IFN signaling.

Conclusions: Immune-associated signatures are associated with
pCR after chemotherapy, but might be of limited use for the
prediction of response to additional immune checkpoint blockade.
Gene expressions related to antigen presentation and IFN signaling
might be interesting candidates for further evaluation.

Introduction
There is accumulating evidence that triple-negative breast cancer

(TNBC) is an immunogenic disease and that the level of immune
activation in tumor tissue indicates improved response to neoadjuvant
chemotherapy and improved patient survival (1). The main clinical
challenge is to translate this knowledge into therapeutic concepts, and
to develop predictive biomarkers for combinations of immuno- and
chemotherapy (2). Immune checkpoint inhibition is a promising
approach for the treatment of solid neoplasms and has proven its
value in the treatment of a number of tumors, among themmetastatic
TNBC (3, 4), with several current clinical trials (2).

The GeparNuevo trial was a prospective, randomized, multicenter,
phase II study that evaluated the addition of the PD-L1 inhibitor,
durvalumab, to neoadjuvant chemotherapy for patients with early
TNBC (5). Addition of durvalumab numerically increased the rate of
pathologic complete response (pCR; ref. 5). The effect was statistically
significant in the subgroup of patients who received the first dose of
durvalumab before the onset of chemotherapy within a window of
opportunity and in higher-stage tumors. This suggests that thewindow
treatment might result in an immune priming of the tumor facilitating
immunologic effects triggered by cytotoxic treatment.

We have identified previously a set of immune genes that predicted
response to neoadjuvant chemotherapy in triple-negative and HER2-
positive breast cancer in the GeparSixto trial (GeparSixto signature;
G6-Sig; ref. 6) and a proliferation-associated gene signature (Prolif-
Sig) was shown to be predictive for response independent of the G6-
Sig (7).
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Higgs and colleagues described an IFN-associated gene signature
that was predictive for response to durvalumab in lung and urothelial
cancer (8). A simple metric of two key cytolytic effector transcripts
(GZMA and PRF1) was described previously as a measure of immune
cytolytic activity (CYT; ref. 9).

The aim of this study was to validate these signatures in the
neoadjuvant GeparNuevo study for response to neoadjuvant chemo-
therapy in general, and in addition for the combination therapy with
neoadjuvant durvalumab.We report the results of our gene expression
analysis study based on the comprehensive biomaterial collection
within the GeparNuevo trial.

Materials and Methods
Patients and samples

GeparNuevo (NCT02685059) was a multicenter, prospective, ran-
domized, double-blind, placebo-controlled phase II trial investigating

the pCR rate of neoadjuvant chemotherapy, including nab-paclitaxel,
followed by dose-dense epirubicin/cyclophosphamide with durvalu-
mab versus placebo in TNBC (5). Patients with untreated uni- or
bilateral primary, nonmetastatic invasive TNBC (cT2–cT4a–d) were
enrolled. Primary objective was the comparison of pCR rates (ypT0
ypN0) following neoadjuvant chemotherapy in combination with
durvalumab versus placebo. As a secondary endpoint, correlative
researchwas planned, including predefined and additional exploratory
analyses to identify possible relationships between biomarkers and
drug activity (5).

Supplementary Fig. S1 illustrates the study design: patients received
one injection of durvalumab (0.75 g, i.v.) or placebo 2 weeks prior
to the start of chemotherapy (window trial) followed by durvalumab
(1.5 g, i.v.) or placebo every 4 weeks plus nab-paclitaxel (125 mg/m2)
weekly for 12 weeks, followed by durvalumab (1.5 g, i.v.) or placebo
every 4 weeks plus epirubicin/cyclophosphamide every 2 weeks for
four cycles. On the basis of the recommendation of the Independent
DataMonitoring Committee, the window phase was stopped as part of
an amendment. Thereafter, all patients started with durvalumab or
placebo plus chemotherapy on day 1.

Patients gave written informed consent for study participation and
the use of biomaterial for translational research. The study protocol
was approved by the respective ethics committee, institutional review
board, and national competent authority and adheres to the ethical
principles of the Declaration of Helsinki. Characteristics of the study
cohort are detailed in Table 1.

IHC
Central histopathologic confirmation of negative hormone recep-

tors (<1% estrogen receptor and <10% progesterone receptor expres-
sion by IHC), negative HER2 status (IHC 0/1 or IHC2þwith a ratio of
HER2/CEP17 < 2 and <6 copies of HER2/cell), and Ki-67 was
mandatory prior to randomization. Tissue from 158 patients was

Translational Relevance

There is a clinical need to develop predictive biomarkers for
combination of immuno- and chemotherapy. We use targeted
RNA sequencing of samples of the GeparNuevo clinical trial to
investigate the use of gene signatures of tumor-infiltrating lym-
phocytes and proliferation to predict response to neoadjuvant
therapy with and without immune checkpoint inhibition. The
results validate the predictive value of immune-associated gene
expression, including PD-L1, for response to chemotherapy, but
not for additional benefit from PD-L1 inhibition. Prediction of
response to PD-L1 inhibitionmight be challenging in the context of
neoadjuvant chemotherapy in early breast cancer.

Table 1. Clinical and pathologic patient characteristics.

Durvalumab
(subset) %

Placebo
(subset) %

Durvalumab
(all) %

Placebo
(all) % P

83 79 88 86
Age <50 40 48 39 49 44 50 43 50 ns

≥50 43 52 40 51 44 50 43 50
cT stage cT1–2 76 92 76 96 81 92 83 97 ns

cT3–4 7 8 3 4 7 8 3 3
cN stage cN0 56 67 56 71 61 69 59 69 ns

cN1 20 24 18 23 20 23 22 26
cN2–3 7 8 5 6 7 8 5 6

Grading G2 14 17 14 18 14 16 15 17 ns
G3 69 83 65 82 74 84 71 83

sTILs 0%–10% 32 39 28 35 27 31 27 31 ns
11%–59% 40 48 38 48 49 56 46 53
≥60% 11 13 13 16 12 14 13 15

Ki-67 <30 11 13 11 14 11 13 13 15 ns
≥30 72 87 68 86 77 88 73 85

Window trial Yes 55 66 51 65 59 67 58 67 ns
No 28 34 28 35 29 33 28 33

Response pCR 45 54 37 47 47 53 38 44 ns
No pCR 38 46 42 53 41 47 48 56

PD-L1 tumor ≥1% 32 39 31 39 33 38 32 37 ns
0 43 52 44 56 45 51 48 56
NA 8 10 4 5 10 11 6 7

Note: Clinical and pathologic patient characteristics of the subset of patients and samples with available pretreatment samples used in this study (N ¼ 162) in
comparison with all patients in the complete study cohort (N ¼ 174).
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evaluable for PD-L1 IHC using the Ventana SP263 assay.We recorded
the percentage of tumor cells with positive membranous staining and
defined ≥1% as a threshold value for positive cases.

Evaluation of tumor-infiltrating lymphocytes
We evaluated tumor-infiltrating lymphocytes (TILs) in the stroma

(stromal TILs, sTIL) and within the epithelial tumor cell nests (intra-
tumoral TILs) as the percentage of area of the respective compartment
that contains lymphocytes (10). This was based on hematoxylin and
eosin (H&E) morphology using a standardized software-assisted
method for sTILs (11).

Targeted RNA sequencing
Formalin-fixed, paraffin-embedded (FFPE) tissue was processed

using a HTG EdgeSeq Instrument (HTG Molecular Inc) with the
oncology biomarker panel according to the manufacturer’s instruc-
tions. In brief, the tumor areawasmarked on anH&E-stained slide and
the area of invasive breast cancer was recorded. Tissue (15 mm2) was
scraped off one or several unstained slides and used for library
preparation. The method is based on an RNA extraction–free chem-
istry and a nuclease protection assay. Libraries were quantified, pooled,
and sequenced on an Ion Torrent S5 Instrument (Thermo Fisher
Scientific). Count tables were generated using the HTG parsing tool.
For quality control, we transformed the reads to counts-per-million
and calculated the mean of five negative and four positive internal
controls for each sample. We excluded samples if the mean of its
positive controls was below two SDs of the total mean across all
samples or if themean of its negative controls was above two SDs from
the total mean.

The data were then normalized to counts-per-million reads accord-
ing to:

eji :¼ max 3; jif g¼ max 3; log2 106 � xiþ0:5
Xþ1

� �� �
; i¼1; . . . ; 2559:

Where xi is the count of gene i, X is the sum of counts of all 2,559

genes, and eji is the bounded transformed expression value of gene i.
Raw count data and normalized gene expression data are

available at https://my.idgard.de/#/guest-access?b¼6aeq1yhjibvsa68
mmh92si7k62jkqn5s5xq95afilp3n0rpkgu. For access to clinical data
please refer to https://gbg.de/en/research/trafo.php.

Predefined gene expression signatures
We calculated four predefined gene signatures as the mean expres-

sion of its members. We evaluated a gene signature predictive for
neoadjuvant response that we have defined previously in the Gepar-
Sixto study [G6-Sig: CXCL9, CCL5, CD8A, CD80, CXCL13, IDO1,
PDCD1, CD274 (PD-L1), CTLA4, FOXP3, CD21, and IGKC; ref. 6].
The genes CD21 and IGKC had to be omitted because they were not
covered by the sequencing assay. We also evaluated a proliferation-
associated signature (PAM50 proliferation signature; Prolif-Sig:
BIRC5, CCNB1, CDC20, NUF2, CEP55, NDC80, MKI67, PTTG1,
RRM2, TYMS, and UBE2C; ref. 7) and a previously described four-
gene IFN signature that was associated with durvalumab response in
urothelial and non–small cell lung cancer (IFN-Sig: IFNG, CD274 (PD-
L1), LAG3, and CXCL9; ref. 8). We also evaluated the CYT metric of
cytolytic activity based on the two genes GZMA and PRF1 (9).

Statistical analysis
pCRwas defined as no residual cancer (invasive and noninvasive) in

the breast (ypT0) and axillary lymph nodes (ypN0). We used logistic

regression analyses to evaluate the association of gene signatures or
single genes with pCR. All statistical analyses were computed in R
3.5.2 (R Project for Statistical Computing, RRID:SCR_001905) and
Bioconductor (Bioconductor, RRID:SCR_006442). P values were
computed two-sided and considered as statistically significant if
<0.05. Adjustment for multiple testing was applied where indicated
using the method of Benjamini and Hochberg. For the differential
gene expression analysis according to treatment response, we fit
linear models with empirical Bayes moderation (LIMMA, RRID:
SCR_010943). We preselected genes by unspecific filtering based on
minimal expression and variability across samples (mean, >4 and
interquartile-range, >1). We used a 2�2 factorial design to account
for the two different treatment arms and the response variable (pCR
vs. residual disease), and report the differentially expressed genes in
the durvalumab arm.

Results
From the 174 FFPE samples available in the GeparNuevo biobank,

164 had a successful histologic quality control, and 162 of these
samples passed the sequencing control. An overview is given in the
consort statement (Supplementary Fig. S2). The baseline character-
istics of the sequenced samples did not significantly differ from the
overall GeparNuevo patients (Table 1).

Evaluation of predefined molecular signatures
We tested the four previously defined gene signatures (G6-Sig,

IFN-Sig, CYT, and Prolif-Sig) for prediction of response to treat-
ment. G6-Sig and the CYT were significantly associated with
increased pCR rate in the complete cohort and the durvalumab
arm. IFN-Sig was associated with better response in the complete
cohort and both therapy arms (Fig. 1A). Prolif-Sig was associated
with a higher probability of pCR in all patients and the placebo
arm.

G6-Sig and the IFN-Sig were predictive for treatment response in a
multivariate analysis adjusted for clinical and pathologic risk factors
and treatment arm (Table 2).

Hierarchical clustering using the 12 genes of the G6-signature
resulted in three clusters of samples with high, intermediate, or low
immune activation with significantly different pCR rates (P ¼
0.002; Fig. 1B). Of the individual genes of the G6-signature, CXCL9,
CCL5, CD8A, CD80, CXCL13, IDO1, PDCD1, CTLA4, and CD274
(PD-L1) were associated with a better response in all patients
and (except CD80) within the durvalumab arm (Fig. 1C–E).
Expression of CD274 (PD-L1) mRNA was positively correlated
with all three immune signatures and showed a high concordance
with PD-L1 IHC (Supplementary Fig. S3). It was associated with
better response in all patients and in the placebo and durvalumab
arm (Fig. 1C–E).

The PAM50 Prolif-Sig and G6-Sig were previously shown to be
independently predictive for response to neoadjuvant chemotherapy
for TNBC (7). In GeparNuevo, the G6-Sig was predictive for therapy
response in a bivariate logistic regression model (Supplementary
Table S1), with increasing response rates with increasing values of
both signatures (Fig. 2).

Exploratory identification of novel markers for response to
immunotherapy

To identify genes thatmight be associated with response to immune
checkpoint inhibition, we performed an exploratory differential gene
expression analysis according to outcome (pCR vs. no pCR) using

Biomarkers for Response to Immunotherapy
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pretreatment samples of patients treated with durvalumab (Fig. 3;
Supplementary Table S2).

Eight genes were significantly associated with response after adjust-
ment for multiple testing (TAP1, GBP1, HLA-A, HLA-B, CXCL10,
STAT1, CD38, and ITGA2). These genes predicted pCR in the durva-
lumab arm, but not (except ITGA2) in the placebo arm.

Discussion
In this study, we performed a comprehensive analysis of predictive

gene expression profiles in the GeparNuevo neoadjuvant trial.
Immune-associated gene expression signatures were associated with
better response to neoadjuvant chemotherapy with high significance,
irrespective of the treatment arm. We could validate our previously

Figure 1.

Predefined signatures and response to treatment. Predefined gene signatures in pretreatment biopsies and response to therapy. A, The G6-Sig and the CYT metric
were associated with better response in all patients and in the durvalumab (Dur) arm. The Prolif-Sig predicted response in the placebo (Pla) arm. B, Hierarchical
clustering using the genes from the G6-Sig results in three distinct groups with different response to therapy (“cold,” blue; “hot,” red; and “intermediate,” orange
column annotation). The row annotation indicates genes with predominantly activating (green) or inhibitory (red) function. Response to treatment according to the
individual genes in the complete cohort (C), in the durvalumab arm (D), and in the placebo arm (E).
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described gene signature (6) for prediction of response to chemother-
apy and confirm its independency from proliferation-associated gene
expression (7).Our data indicate that theremight be a relatively greater
impact of immune-associated gene expression in patients receiving
immunotherapy. However, further studies are necessary to address the
hypothesis that the impact of immunotherapymight be pronounced in
TNBC with lower proliferation, as tumors with high proliferation
typically respond well to chemotherapy alone.

PD-L1 expression of ≥1% of tumor cells was associated with better
response to durvalumab when evaluated by IHC (5). Expression of
CD274 (PD-L1) mRNA was predictive for treatment response in both

treatment arms, underscoring the observation that the prediction of
response to immunotherapy is complicated by the predictive value of
immune-associated gene expression for chemotherapy alone.

While biomarkers for response to PD-L1 inhibition, like PD-L1
IHC (4) and immune/IFN-associated gene signatures (8, 12–14),
have been described to predict response to PD-L1 therapy, effects of
these biomarkers might be masked by chemotherapy response in
GeparNuevo.

Our study also confirms the observation that immune-associated
gene expression is strongly correlated, and that this is even true when
comparing genes with inhibitory function with those with stimulatory

Table 2. Multivariate logistic regression analyses for predefined gene signatures.

Covariate OR (95% CI) P Covariate OR (95% CI) P

G6-Sig 1.558 (1.13–2.182) 0.008 Prolif-Sig 1.871 (1.009–3.574) 0.051
Age ≥50 (vs. <50) 0.829 (0.423–1.623) 0.582 Age ≥50 (vs. <50) 0.935 (0.471–1.869) 0.849
cT3–4 (vs. cT1–2) 0.196 (0.028–0.866) 0.051 cT3–4 (vs. cT1–2) 0.164 (0.024–0.715) 0.029
cNþ (vs. cN�) 0.842 (0.404–1.757) 0.646 cNþ (vs. cN�) 0.832 (0.401–1.727) 0.620
G3 (vs. G2) 3.473 (1.376–9.664) 0.011 G3 (vs. G2) 3.393 (1.332–9.476) 0.013
Durvalumab (vs. pla) 1.630 (0.833–3.243) 0.157 Durvalumab (vs. pla) 1.539 (0.793–3.021) 0.205

Covariate OR (95% CI) P Covariate OR (95% CI) P

CYT metric 1.323 (0.987–1.793) 0.064 IFN-Sig 1.695 (1.234–2.376) 0.002
Age ≥50 (vs. <50) 0.802 (0.413–1.556) 0.514 Age ≥50 (vs. <50) 0.806 (0.409–1.588) 0.532
cT3–4 (vs. cT1–2) 0.162 (0.023–0.703) 0.028 cT3–4 (vs. cT1–2) 0.188 (0.026–0.851) 0.048
cNþ (vs. cN�) 0.835 (0.403–1.729) 0.626 cNþ (vs. cN�) 0.808 (0.384–1.699) 0.573
G3 (vs. G2) 3.751 (1.506–10.331) 0.006 G3 (vs. G2) 3.485 (1.376–9.734) 0.011
Durvalumab (vs. pla) 1.608 (0.828–3.170) 0.164 Durvalumab (vs. pla) 1.659 (0.841–3.332) 0.148

Note: Multivariate logistic regression analyses for prediction of treatment response according to the GeparSixto TIL-associated signature (G6-Sig), the Prolif-Sig, the
CYT metric and the IFN-Sig, respectively.
Abbreviation: Pla, Placebo.

Figure 2.

Immune- and proliferation-associated gene signature. Relation of the G6-Sig and Prolif-Sig and response to therapy. A, Increasing levels of both signatures are
associatedwith better response to therapy in all patients and B,within the durvalumab arm and C, placebo arm. The black dots highlight caseswith pCR, the vertical
and horizontal lines indicate the signature mean that was also used to classify the cases as low or high in the bar plots. The P values in the bar plots for the
dichotomized signatures are derived from a bivariate logistic regression model (see Supplementary Table S1 for details).
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functions (6). This strong coexpression makes it difficult to evaluate
different functions or cellular components of the tumor-associated
immune response independent from each other.

With these limitations inmind, we tried to explore whether our data
can be used to identify genes that might specifically predict response to
durvalumab. To this end, we performed a differential gene expression
analysis according to response (pCR vs. residual disease) within the
durvalumab arm. We found seven candidate genes for response to
durvalumab that were associated with response in the durvalumab
arm, but not the placebo arm. These genes represented constituents of
the cellular antigen-presenting machinery and IFN-induced gene
expression.

Among them were HLA-A and -B that encode for MHC class I
molecules, which present antigens to cytotoxic T cells (15), and
TAP1 (transporter associated with antigen processing), which is
part of cellular antigen processing. We have examined previously
the expression of HLA in breast cancer (16), but not in the context
of immunotherapy, where it might indicate that the presence of a
functioning antigen-presenting machinery facilitates the effects of
immunotherapy.

Other genes were GBP1, an IFN-induced gene that has been
described previously as a marker for TILs in breast cancer (17),
CXCL10, a cytokine involved in induction of a tumor-associated
immune response (18), and STAT1, part of the IFN-induced JAK-

Figure 3.

Differential gene expression according to pCR. A, Differential gene expression analysis according to treatment response (pCR). For each gene, the log fold-change
(log FC) and the –log10 P value are plotted. Black dots indicate significant P values after adjustment formultiple testing. Association of the potential candidate genes
from A with patient (pt) outcome in the complete cohort (B) and in the durvalumab (C) and placebo arms (D).
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STAT pathway that stimulates the expression of its target genes, like
HLA and PD-L1 (19).

We have reported previously that a higher quantity in sTILs on
H&E-stained slides was associated with a higher probability of
response in both treatment arms and observed a trend for increased
response in PD-L1–positive tumors (5). We also demonstrated that
the evaluation of tumor mutational burden adds independent
information for response prediction. However, none of these mar-
kers seemed to be specific for PD-L1 inhibition (20). In this study,
we evaluated immune- and proliferation-associated gene expression
in more detail, but observed the same phenomenon that the
biomarker under evaluation, immune-associated gene expression,
is not specific for response prediction to PD-L1 inhibition in the
context of chemotherapy.

The major caveat of the study is the relatively small sample size in
this neoadjuvant phase II trial in the context of the high-dimensional
gene expression analysis. While IFN-induced gene expression is a
recurring observation in studies evaluating gene expression for pre-
diction of response to PD-L1 inhibition (8, 12–14), the potential
markers of durvalumab response identified in this study have to be
considered exploratory until further validation in independent trials.
With these limitations in mind, a strength of our study design is the
availability of biopsy samples from a prospective, randomized trial
with central evaluation of histology, receptor status, TILs, and PD-L1
expression. Also, we limited the analysis to a small number of pre-
defined gene expression signatures.

To conclude, our results confirm that immune-associated gene
expression is a robust marker of response to neoadjuvant chemother-
apy for breast cancer. The definition of predictive markers specifically
for response to additional immune checkpoint blockade is challenging,
and it might be interesting to focus on the antigen processing and
presentation machinery for further studies.
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Supplementary Table S1: Bivariate logistic regression models for the immune- and proliferation-associated gene signatures





		All patients

		OR (95 % CI)

		P



		Prolif-Sig high (vs. low)

		2.348 (0.927-6.211)

		0.077



		G6-Sig high (vs. low)

		2.179 (1.327-3.692)

		0.003



		Interaction

		0.792 (0.403-1.539)

		0.494



		

		

		



		Durvalumab arm

		OR (95 % CI)

		P



		Prolif-Sig high (vs. low)

		1.607 (0.465-5.752)

		0.455



		G6-Sig high (vs. low)

		2.535 (1.273-5.509)

		0.012



		Interaction

		0.710 (0.268-1.817)

		0.479



		

		

		



		Placebo arm

		OR (95 % CI)

		P



		Prolif-Sig high (vs. low)

		4.091 (0.966-21.849)

		0.069



		G6-Sig high (vs. low)

		2.092 (0.970-5.000)

		0.071



		Interaction

		0.793 (0.279-2.132)

		0.651



		

		

		







Bivariate logistic regression models with interaction term in all patients and within the two treatment arms for prediction of treatment response (pCR vs. no pCR) using the proliferation (Prolif-Sig) and lymphocyte-associated GeparSixto signature (G6-Sig.) as covariates.




Supplementary Table S2: Differentially expressed genes according to treatment response



		SYMBOL

		logFC

		AveExpr

		t

		P.Value

		adj.P.Val

		B

		ENTREZID

		GENENAME



		TAP1

		1.004

		8.7386

		4.3962

		1.92E-05

		0.0209

		2.6235

		6890

		transporter 1, ATP binding cassette subfamily B member



		GBP1

		1.0142

		9.7533

		4.1957

		4.34E-05

		0.0209

		1.8958

		2633

		guanylate binding protein 1



		HLA-A

		0.8198

		12.9362

		4.0429

		0.0001

		0.0209

		1.3596

		3105

		major histocompatibility complex, class I, A



		ITGA2

		-0.8284

		6.3596

		-3.9938

		0.0001

		0.0209

		1.1908

		3673

		integrin subunit alpha 2



		HLA-B

		0.85

		13.515

		3.9747

		0.0001

		0.0209

		1.1256

		3106

		major histocompatibility complex, class I, B



		STAT1

		0.8466

		10.7274

		3.9519

		0.0001

		0.0209

		1.0482

		6772

		signal transducer and activator of transcription 1



		CXCL10

		1.2756

		8.8884

		3.9464

		0.0001

		0.0209

		1.0294

		3627

		C-X-C motif chemokine ligand 10



		CD38

		1.1362

		6.3107

		3.7433

		0.0002

		0.0392

		0.3561

		952

		CD38 molecule



		CXCL13

		1.3186

		6.0197

		3.6044

		0.0004

		0.0521

		-0.0873

		10563

		C-X-C motif chemokine ligand 13



		PDCD1LG2

		0.7926

		5.8827

		3.6035

		0.0004

		0.0521

		-0.09

		80380

		programmed cell death 1 ligand 2



		LAG3

		0.8877

		6.4371

		3.5459

		0.0005

		0.0582

		-0.2699

		3902

		lymphocyte activating 3



		GNLY

		1.0426

		7.0858

		3.4938

		0.0006

		0.064

		-0.4301

		10578

		granulysin



		IFI27

		0.9158

		9.5944

		3.4511

		0.0007

		0.0678

		-0.56

		3429

		interferon alpha inducible protein 27



		DDX58

		0.694

		8.1883

		3.433

		0.0007

		0.0678

		-0.6147

		23586

		DExD/H-box helicase 58



		ETV7

		0.7182

		6.9431

		3.4095

		0.0008

		0.0686

		-0.6853

		51513

		ETS variant transcription factor 7



		IRF7

		0.7306

		7.2571

		3.3893

		0.0009

		0.0689

		-0.7455

		3665

		interferon regulatory factor 7



		TAP2

		0.5993

		7.568

		3.3683

		0.0009

		0.0692

		-0.808

		6891

		transporter 2, ATP binding cassette subfamily B member



		HIST1H3H

		0.7932

		9.7112

		3.3519

		0.001

		0.0692

		-0.8564

		8357

		histone h3.1



		MX1

		0.9357

		9.8757

		3.3375

		0.001

		0.0692

		-0.899

		4599

		MX dynamin like GTPase 1



		CD274

		0.7524

		5.9604

		3.3069

		0.0011

		0.0729

		-0.9885

		29126

		CD274 molecule



		TIMP3

		-0.6716

		10.6326

		-3.2761

		0.0013

		0.0769

		-1.078

		7078

		TIMP metallopeptidase inhibitor 3



		THBS4

		-0.9461

		6.0107

		-3.2521

		0.0014

		0.0795

		-1.1471

		7060

		thrombospondin 4



		CCL4

		0.7586

		6.7832

		3.1969

		0.0017

		0.0912

		-1.3044

		6351

		C-C motif chemokine ligand 4



		SLAMF7

		1.0653

		7.3133

		3.1759

		0.0018

		0.0936

		-1.3637

		57823

		SLAM family member 7



		ISG15

		0.8621

		9.8997

		3.1377

		0.002

		0.1017

		-1.4707

		9636

		ISG15 ubiquitin like modifier



		CCL5

		0.8853

		8.3973

		3.0133

		0.003

		0.1399

		-1.8112

		6352

		C-C motif chemokine ligand 5



		COL1A1

		-0.7136

		14.0758

		-2.9256

		0.0039

		0.1658

		-2.0434

		1277

		collagen type I alpha 1 chain



		CD8A

		0.7469

		7.1559

		2.9242

		0.0039

		0.1658

		-2.0473

		925

		CD8a molecule



		ALDH1A3

		-0.6386

		7.4648

		-2.8856

		0.0044

		0.1805

		-2.1475

		220

		aldehyde dehydrogenase 1 family member A3



		PLAT

		-0.5323

		7.5388

		-2.8437

		0.005

		0.1925

		-2.2551

		5327

		plasminogen activator, tissue type



		EDIL3

		-0.8957

		6.5925

		-2.8404

		0.005

		0.1925

		-2.2635

		10085

		EGF like repeats and discoidin domains 3



		CD79A

		0.8798

		6.2933

		2.8265

		0.0053

		0.1925

		-2.2989

		973

		CD79a molecule



		EGFR

		-0.5863

		7.7635

		-2.8238

		0.0053

		0.1925

		-2.3057

		1956

		epidermal growth factor receptor



		HEY2

		-0.8171

		5.8489

		-2.7967

		0.0057

		0.2028

		-2.3741

		23493

		hes related family bHLH transcription factor with YRPW motif 2



		SPARC

		-0.518

		11.7881

		-2.7522

		0.0066

		0.2125

		-2.4849

		6678

		secreted protein acidic and cysteine rich



		IDO1

		0.8239

		6.2191

		2.7514

		0.0066

		0.2125

		-2.4868

		3620

		indoleamine 2,3-dioxygenase 1



		C1QA

		0.6519

		9.8797

		2.7427

		0.0067

		0.2125

		-2.5085

		712

		complement C1q A chain



		ICAM1

		0.5548

		7.9627

		2.7422

		0.0067

		0.2125

		-2.5096

		3383

		intercellular adhesion molecule 1



		IRF4

		0.946

		6.1895

		2.7364

		0.0069

		0.2125

		-2.5238

		3662

		interferon regulatory factor 4



		CTSS

		0.5674

		9.2116

		2.7163

		0.0073

		0.2199

		-2.5733

		1520

		cathepsin S



		CDKN2A

		0.8676

		7.0094

		2.7068

		0.0075

		0.2208

		-2.5964

		1029

		cyclin dependent kinase inhibitor 2A



		IRS1

		-0.5913

		6.7376

		-2.6691

		0.0083

		0.2376

		-2.6877

		3667

		insulin receptor substrate 1



		APOL3

		0.5671

		8.0372

		2.6513

		0.0088

		0.2376

		-2.7306

		80833

		apolipoprotein L3



		IRF1

		0.5173

		6.3321

		2.6502

		0.0088

		0.2376

		-2.7331

		3659

		interferon regulatory factor 1



		COL1A2

		-0.6124

		11.5034

		-2.6236

		0.0095

		0.2407

		-2.7963

		1278

		collagen type I alpha 2 chain



		COL5A1

		-0.5388

		10.2128

		-2.5845

		0.0106

		0.2634

		-2.8885

		1289

		collagen type V alpha 1 chain



		IL2RG

		0.6389

		7.6772

		2.5775

		0.0108

		0.2635

		-2.9049

		3561

		interleukin 2 receptor subunit gamma



		CXCL9

		0.9892

		9.2842

		2.553

		0.0115

		0.271

		-2.9617

		4283

		C-X-C motif chemokine ligand 9



		SOCS1

		0.5283

		8.133

		2.55

		0.0116

		0.271

		-2.9687

		8651

		suppressor of cytokine signaling 1



		CCL7

		0.702

		5.2559

		2.5327

		0.0122

		0.2721

		-3.0085

		6354

		C-C motif chemokine ligand 7



		ACSL5

		0.5907

		6.3616

		2.5164

		0.0128

		0.2721

		-3.0457

		51703

		acyl-CoA synthetase long chain family member 5



		IL2RB

		0.5982

		7.1456

		2.5139

		0.0129

		0.2721

		-3.0513

		3560

		interleukin 2 receptor subunit beta



		COL3A1

		-0.605

		13.4832

		-2.5051

		0.0132

		0.2741

		-3.0713

		1281

		collagen type III alpha 1 chain



		OAS1

		0.6435

		7.1465

		2.4719

		0.0144

		0.2816

		-3.1462

		4938

		2'-5'-oligoadenylate synthetase 1



		FGF13

		-0.5434

		6.5717

		-2.4646

		0.0147

		0.2816

		-3.1627

		2258

		fibroblast growth factor 13



		IFIT2

		0.6132

		7.7455

		2.4632

		0.0148

		0.2816

		-3.1657

		3433

		interferon induced protein with tetratricopeptide repeats 2



		MLPH

		-0.7169

		6.3298

		-2.4606

		0.0149

		0.2816

		-3.1716

		79083

		melanophilin



		PAX6

		0.8315

		4.1896

		2.4517

		0.0152

		0.2842

		-3.1915

		5080

		paired box 6



		CCR5

		0.5444

		6.7585

		2.4449

		0.0155

		0.2852

		-3.2065

		1234

		C-C motif chemokine receptor 5 (gene/pseudogene)



		PDCD1

		0.6019

		5.4694

		2.4053

		0.0172

		0.3084

		-3.2939

		5133

		programmed cell death 1



		SFRP4

		-0.6199

		8.2487

		-2.4022

		0.0174

		0.3084

		-3.3005

		6424

		secreted frizzled related protein 4



		BCL2A1

		0.5562

		7.2982

		2.3866

		0.0181

		0.3084

		-3.3345

		597

		BCL2 related protein A1



		GZMA

		0.6315

		6.2529

		2.384

		0.0182

		0.3084

		-3.3402

		3001

		granzyme A



		PIM2

		0.6123

		7.8212

		2.3414

		0.0204

		0.3231

		-3.4316

		11040

		Pim-2 proto-oncogene, serine/threonine kinase



		SFRP2

		-0.6452

		10.6621

		-2.3282

		0.0211

		0.3239

		-3.4598

		6423

		secreted frizzled related protein 2



		PRF1

		0.5868

		6.5615

		2.3267

		0.0211

		0.3239

		-3.463

		5551

		perforin 1



		OASL

		0.6012

		6.3576

		2.3263

		0.0212

		0.3239

		-3.4639

		8638

		2'-5'-oligoadenylate synthetase like



		THBS1

		-0.5572

		10.5237

		-2.2472

		0.0259

		0.378

		-3.6288

		7057

		thrombospondin 1



		CD27

		0.6981

		6.3957

		2.2355

		0.0267

		0.3823

		-3.6527

		939

		CD27 molecule



		LYZ

		0.6933

		11.4721

		2.2333

		0.0268

		0.3823

		-3.6573

		4069

		lysozyme



		CA9

		0.7034

		5.8046

		2.2291

		0.0271

		0.3823

		-3.6657

		768

		carbonic anhydrase 9



		SPDEF

		-0.9031

		5.7095

		-2.2084

		0.0285

		0.3957

		-3.7078

		25803

		SAM pointed domain containing ETS transcription factor



		PRR15L

		-0.5907

		6.8748

		-2.1851

		0.0302

		0.3982

		-3.7545

		79170

		proline rich 15 like



		MDK

		0.5135

		9.7867

		2.177

		0.0308

		0.3982

		-3.7708

		4192

		midkine



		SPRY2

		-0.5578

		6.4125

		-2.1724

		0.0312

		0.3982

		-3.7798

		10253

		sprouty RTK signaling antagonist 2



		GZMB

		0.6469

		6.9477

		2.1622

		0.032

		0.3982

		-3.8002

		3002

		granzyme B



		ACTA2

		-0.5451

		8.6603

		-2.121

		0.0353

		0.4235

		-3.8808

		59

		actin alpha 2, smooth muscle



		CTGF

		-0.5281

		9.8999

		-2.0969

		0.0375

		0.4309

		-3.9274

		1490

		cellular communication network factor 2



		AREG

		-0.7151

		4.5927

		-2.0472

		0.0422

		0.445

		-4.0219

		374

		amphiregulin



		INHBB

		-0.5829

		6.4414

		-2.0425

		0.0426

		0.445

		-4.0308

		3625

		inhibin subunit beta B



		CXCR3

		0.5965

		5.7989

		2.0395

		0.0429

		0.445

		-4.0362

		2833

		C-X-C motif chemokine receptor 3



		WNT7B

		-0.5045

		6.3711

		-2.0197

		0.045

		0.445

		-4.0732

		7477

		Wnt family member 7B



		GZMH

		0.5047

		5.5735

		2.0148

		0.0455

		0.445

		-4.0824

		2999

		granzyme H



		FZD8

		-0.5186

		7.3162

		-1.9785

		0.0495

		0.4644

		-4.1488

		8325

		frizzled class receptor 8







Differential gene expression analysis according to pathologic complete response after neoadjuvant chemotherapy with durvalumab. Included are genes with an absolute log-fold-change > 0.5 and P < 0.05.



